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Abstract: Using data from a recent survey among German professional macroeco-
nomic forecasters, we analyze whether their (self-reported) behavior and attitude
towards new methods has changed since the Great Recession. We find that several
forecasters claim to use new methods and some known methods more frequently.
By contrast, forecasters do not report to have changed their loss function after
the Great Recession. Although linking forecasters” attitudes towards a change
in methods to socio-demographic variables (age, gender, nature of the institu-
tion) did not yield precise estimates, point estimates still suggest that the openness
towards new methods is negatively related to medium-run forecasting success.
Forecasters with good medium-term track record seem to be more reluctant to
change technology whereas forecasters with a bad record seem to be more open
for new methods.
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1. Introduction

The Great Financial Crisis (GFC) is related to a huge macroeconomic
forecast error of the Great Recession (GR) which tremendously impaired
the reputation of the entire macroeconomic forecasting guild and the
economics profession as a whole (see for example Besly and Hennessy
2009; Nienhaus 2009; Gaffney 2011; Bezemer 2010). Consequently,
intensive debates have emerged, e.g. over probate macroeconomic mod-
elling strategies (Aghion et al. 2002 Krugman 2018; Reis 2018; Stiglitz
(2018); Vines and Wills 2018), as well as about updating stylized business
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cycle facts following the GFC (see S. Ng and Wright 2013, for a survey).
On the academic side, there is a ongoing discussion about the necessity
to re-formulate macroeconomic models after the GFC. Positions range
from fundamental criticism of the road macroeconomics has taken since
Sargent and Lucas (1979) (see Romer 2016, for a long and detailed
discussion) to moderate arguments in Vines and Wills (2018) or Reis
(2018) to a defence of established models Christiano, Eichenbaum, and
Trabandt (2018)." The idea that the academic discourse is influenced
by real-world development is supported by Liidering and Winker
(2016), who undertook a text-mining analysis of the Jahrbiicher fiir
Nationalokonomie und Statistik, a German economic scholarly
journal.

We contribute to these debates by asking, whether the behavior of profes-
sional macroeconomic forecasters and the discussion within the economic
profession has changed. Furthermore, we investigate what determines
forecasters’ openness to apply new methods or models. Although at first
glance it may seem unlikely that there is a direct relationship between a
single but huge macroeconomic forecast error and the behavior and the
toolkit used by macroeconomic forecasters, the academic debate draws a
very distinct picture.

As Friedman (1953) argued, the ultimate goal of economic models
in a non-normative, i.e. positive way is to deliver “predictions” of phe-
nomena unknown in advance. In this methodological tradition based
on Hempel (1942), there is often an implicit parallelism between con-
ditional (i.e. model-based with a priori assumptions) forecast and the
scope of explanation of a certain model/ method/ paradigm. The implicit
parallelism can be found e.g. in the arguments of Sargent and Lucas

(1979).

1 It is beyond the scope of the paper to document all discussions in detail but a
look at the grants and projects of the “Institute for New Economic Thinking”
reveals that there is an ongoing and lively debate about the re-formulation of
traditional macroeconomic modelling after the GFC.
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Box 1: Quotes Highlighting the Role of Forecast Errors in the Evolution of
Macroeconomic Theory

“Thus, the logical structure of a scientific prediction is the same as that of a
scientific explanation.”
(Hempel 1994 [1942], p. 38)
“Judging econometric models by their forecasting success seems such a nat-
ural procedure that it might occasion surprise to question its usefulness.”
(Hendry 1986)
“[The Keynesian models, UF, JD, GW] predictions were wildly incorrect and
that the doctrine on which they were fundamentally awed are now simple
matters of fact, involving no novelties of economic theory.”
(Sargent and Lucas 1979)
“Nonetheless, I remember the 1970s quite well, and stagnation did indeed
play a role in the rise of New Classical macroeconomics, albeit in a sub-
tler way than the caricature that it proved Keynes wrong, or something like
that. What mattered instead was the fact that stagnation had in effect been
predicted by Friedman and Phelps; and the way they made that prediction
was by taking a step in the direction of microfoundations.”
(Krugman 2014)
“The stagnation of the 1970s, when both inflation and unemployment
rose, is one of the greatest successes of out-of-sample forecasting by a
macroeconomist.”
(Mankiw and Reis 2018)
“This analysis shows that a valid model can forecast badly, and a poor
model can forecast successfully.”
(Castle and Hendry 2011)

Box 1 shows some quotes of influential scholars representing different
viewpoints on the relation between forecast errors and macroeconomic
thinking.

The research question of this chapter can be stated as follows: Did the
experience of the GFC and the GR lead to changes in the way macro-
economic forecasts are produced in Germany? This question could be
addressed in several ways: For example, Frenkel, Lis, and Riilke (2011)
analyse the expectation formation process of professional forecasters
before and after the recession. The authors argue that certain important
relations of applied macroeconomics, namely an Okun relation, a Phillips
curve, and a Taylor rule have not changed in the eyes of professional
forecasters. Dopke, Fritsche, and Waldhof (2019) evaluate forecasting
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errors before and after the recession and conclude that forecast accuracy
has not changed, but that there are some signs of a change in the loss
functions of the forecasters before and after the financial crisis. Pain et al.
find that the OECD has learned from the crisis, since they subsequently
re-thought their forecasting practice and now pay more attention to global
economic or financial developments. Heilemann and Schnorr-Bicker
(2017) provide an in-depth post-mortem analysis of the failed forecasts
of the downturn after the financial crisis in Germany and remain more
sceptical on the possibility of learning effects from the GR. Forecasters,
they argue, had low priors about the probability of a recession in the first
place. Drechsel and Scheufele (2012) take a different perspective and argue
that, based on leading indicators, forecasters had little chances to cor-
rectly predict the recession. While the combination of forecasts provides
same gains of accuracy, the forecasts made in the dawning of the recession
came pretty close to the best indicator based forecasts. Thus, there are
only small incentives to look for better indicators. Based on a structural
model of the U.S. economy, Fair (2012) finds that a large share of forecasts
uncertainty is based on fluctuations of asset prices, which — as the author
argues — are almost unpredictable. Therefore, one might see the financial
crisis and the subsequent recession as a “perfect storm” that teaches not
much lessons to improve forecasts in the future.

Common to all approaches is an indirect way of assessing the behavior
of the forecasters: observed forecasts, forecast errors, and information
over the available information at the forecasting date are used. The lit-
erature, however, also suggests a more direct way to collect relevant
information: ask the forecasters. Surveys among professional forecasters
have frequently been used to analyze a range of problems. To name just
a few: D. Batchelor and Dua (1990a) and R. Batchelor and Dua (1990b)
analyze how divergent theories and models are across different forecasting
institutions and do not find a strong impact of theoretical positions and
forecasting techniques on the accuracy of the forecasts. In a similar vein,
Ashiya (2006) cannot find a respective connection based on Japanese
data. The European Central Bank (2009) and European Central Bank
(2014) has conducted special surveys among participants of the regular
“Survey of Professional Forecasters.” The results confirm a great impor-
tance of judgemental forecasting as opposed to model-based forecasting
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(Fildes and Stekler 2002; Lawrence et al. 2006). Furthermore, they find a
very low “relative weight” of use of modern macroeconomic (i.e. DSGE)
models, which contrasts to the high academic reputation of these models
(see, e.g., Wieland and Wolters 2013). Stark (2013) presents results based
on a special survey among the U.S. “Survey of Professional Forecasters.”
According to his results, forecasters use a combination of methods with a
high degree of judgemental methods.

In the following, we are going to argue that astonishingly little has
changed after 2008. We find only weak evidence that the (self-reported)
behavior of forecasters has changed substantially since the GR. While
some forecasters claim that they use new methods or known methods
more frequently, they remain silent on the question of what methods are
meant by these statements. The vast majority of forecasters reject the
idea of a changed loss function. Linking the attitude of the forecasters
towards a change in methods or theories to demographic information on
the forecasters (age, gender, nature of the institution) yield only highly
imprecise estimates and rests heavily on the assumption of a linear
probability model.

In the course of the paper, we discuss several hypotheses and lines of
arguments why this might be the case. Briefly:

e First, in line with the hypothesis in Mankiw (2006) we can interpret
macroeconomic forecasting as a task of macroeconomists in their role
as “engineers.” Colander (2017) takes up this notion and extends the
methodology of engineering to a general role model for economists.
This might explain the de-coupling of academic and theory-related
discussions from the “business-as-usual” in macroeconomic forecasting.

e Second, the populations in the academic “camp” seem to differ from
the people living in the forecaster’s “camp” (Geiger, Sauter, and Schmid
2009). The differences mostly refer to the “schools of thought” people
sympathize with and to the models people have in mind when asked
about how the economy functions.

¢ Third, in contrast to the period mentioned in Sargent and Lucas (1979),
macroeconomic forecasters were not (scientifically and personally)
discredited in the scientific community — which in turn is related to
the first argument — but in the general public. This provoked several
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“self-evaluation” and “re-assessment” studies but no pressing need for
a fundamental change of methodology.

The chapter is organized as follows: Section 2 describes the survey we have
conducted among German forecasters. In Section 3 we present the empir-
ical analysis with respect to whether the forecasting process has changed
since the GFC and the Great Recession. Section 4 will provide arguments
and evidence for the de-coupling hypothesis and Section 5 concludes.

2. The Survey

Included in our statistical population are forecasters that meet the fol-
lowing criteria: The institution the forecaster is working at is based
in Germany or provides forecasts for the German economy. These
forecasts are quantitative, i.e. includes at least a prediction for real
Gross Domestic Product (GDP) growth. Additionally, we only included
macroeconomic forecasters, i.e. we exclude institutions that provide
forecasts for individual sectors, branches, or regions only from our
sample. The institution forecasts on a regular basis. We refer to short-
run, i.e. mostly to one-year-ahead or at best two-year-ahead forecasts.
We include only forecasts that are — at least in part — offered as a public
good. Some institutions provide a detailed explanation of the forecasts
only for their customers, but are counted in public rankings with their
“headline” numbers of, say, real GDP growth. Our net-based search
strategy, however, will miss firms that provide their forecasts exclusively
for their customers, although we are not aware of such a firm. In con-
trast to previous studies, our basic statistical unit are not the forecasting
institutions, but the individual forecasters. We refer to currently active
forecasters.?

Relying on publicly available information, we have identified 266 per-
sons that match the above-mentioned criteria. We have taken into account
institutions that have been listed in the ranking of Fricke (2016) and the

2 We have asked retired forecasters and individuals, who are still active as
economist, but not as a forecaster for comments on a pre-test version of the
questionnaire.
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Tab. 1: Some Demographic Information. In Brackets: 25 % and 75 % Quartiles.
Source: Dopke, Fritsche, and Waldhof (2019)

Median age of respondent 43 49 [37; 52.5]
Median years experience as a forecaster 50 10 [5; 18]
Share of female forecasters 54 13 %
Academic degree or position 56 Diplom: 9
Master of Science: 4
Dr.: 39
Professor: 3 Other: 1
Field of studies 57 Economics: 53
Mathematics: 1 Others: 2
Group of institutions 81 Public institutes: 18

Private institutes: 12
Policy related institutions: 19
Private firms: 31

regular reports of Consensus Forecast ™ (2016). We contacted 266 per-
sons. The overall response rate was 34 % with respect to the invited per-
sons and 67 % with respect to the invited institutions, which is relatively
high compared to other online surveys.

Tab. 1 provides some demographic information regarding the
respondents. The median years of experience as a forecaster is of partic-
ular interest for our topic, since it makes clear that roughly half of the
forecasters have no personal professional experience that includes the
time span leading to the GR. Therefore, we have specifically asked for the
changes within the institution, the respondent might be aware of.?

3. Empirical Results
3.1. Responses to Pre-Formulated Statements

Fig. 1 shows the responses to a question exploring changes in the
forecasting process that might have happened following the recent finan-
cial crisis and the subsequent GR. The most popular answer is that the

3 Further details, analyses, and a list of all relevant institutions can be found in
Dopke, Fritsche, and Waldhof (2019).
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institutions now use “new” methods in forecasting. However, we offered
the possibility to answer a free-text question to provide more information
which new models have been used. In this question, it was possible to add
“additional” methods that have been used for forecasting in the institution
as answer categories. Hence, the “new” method mentioned should shine
up in the answers for that question, but this was generally not the case.

While there is some evidence for the use of new methods or the more fre-
quent use of already known methods, or “other” changes in the forecasting
process, the overall impression is that there have been little changes in
response to the crisis and the subsequent forecast errors. In particular,
it seems intuitively reasonable that forecasters might have changed their
loss function and, e.g., try to forecast more cautiously. We find, however,
no hint to a changed loss function in either direction. In addition, only a
minority of the forecasters report that their institution takes dissenting
opinions more seriously into account than before. Again, this statement
seems to be plausible in advance.

Interestingly, the statement favoring new methods in forecasting is
much more popular than the idea of new theoretical models. On the
one hand, this is in line with previous findings that applied macroeco-
nomic forecasting prefers data-driven to theory-driven forecasts. For
example, Meyler and Rubene. report — based on the Survey of Professional
Forecasters conducted by the European Central Bank - that more than
35 % of the respondents refer to judgemental forecasting in short-term
forecasting GDP growth. Additional by about 45 % refer to time series
methods. These numbers contrast sharply to the share of less than 20 %
who use traditional large-scale econometric models, and markedly less than
5 % who use DSGE models. Similarly, Stark (2013) documents — albeit on
a small sample - for data from the U.S. Survey of Professional Forecasters
that models with subjective adjustment and “No Model — Experience and
Intuition” alone dominate mathematical and computer models. On the
other hand, it might be a hint that more recent theoretical models are not
very popular among forecasters.

Question: In the aftermath of the Financial Crisis 2008/09 economic
forecasts have been criticized (again). This leads to the possibility that your
institution may have changed its forecasting process. Which statements
apply to your institution?
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The loss function has changed: we now try harder
to avoid under-estimations

11% 79%

‘The loss function has changed: we now try harder
to avoid over-estimations

5% 68%

Dissenting opinions in the forecasting group are
regarded more strongly

5% 65%

‘The forecasting process has become more cautiously: in
the face of strong evidence we change our forecast.

4% 58%
The forecasting process is more ready to take
risks: we accept the risk of a forecast error 17%
s P o

more easily in order to avoid missing an
important development

58%

The forecast is based on new or modified
theoretical models

11% 56%

We use already known methods more frequently than 28%
before

41%
Other changes | 50% 38%

‘We use new methods to forecast [ 50%

29%

100 50 0 50 100
Percentage
Applies Does probably apply |1 Applies partly
R«
esponse [l Probably does not apply [l Does not apply

Fig. 1: Consequences of the Great Recession.

Source: Own Survey and Calculation

3.2. Answers to Free Questions

Respondents also had the opportunity to answer to a free-text question
and provide information about what has changed in the forecasting pro-
cess due to the Financial Crisis. One person reported that the respective
institution has undertaken an overbaul of existing and estimation of new
econometric models, in particular new indicators, and now uses methods
of model averaging. Another respondent argues that the institution looks
more strongly on measures of uncertainty that rely on market prices.
Moreover, they consider more strongly the balance sheets of both firms
and households, because they feel that balance sheet adjustments have
weakened growth after the crisis. Finally, according to the results, this
institution finds that bubbles have become more important. A third fore-
caster argues that his or her institution takes now into account a broader
diversity of forecasting methods and models as well as forecast combina-
tion. A forecaster from an institution that relies on own surveys among



200 Jorg Dopke et al.

firms to build their forecasts reports on changes in the methodology of the
surveys, in particular an adjustment of the own survey technique (shorter
survey period, faster publication).

More generally, one forecaster observes for his/her institution that they
are more aware of inaccuracy, think in broader bandwidths. Furthermore,
they place greater emphasis on risk scenarios. One forecaster also points
to “systematic forecast error evaluation” as a consequence of the failed
forecast of the crisis. It also seems that at least some forecasters feel that
their business has become harder: For example, one person points to his/
her impression that the literature regarding forecasts has become more
complex and requires in-depth studies.

3.3. Evidence from Probability Models

Tab. 2 shows the results of some estimations of determinants of the prob-
ability that a certain forecaster responds positively to a certain item. We
chose the two answers that led to the most pronounced average support
by the respondents:

(i) Agreement to the statement “We use new methods to forecast.”
(“New method” for short),

(i) Agreement to the statement “We use already known methods more
frequently than before.” (“More often”).

All answers are recoded to a numerically scale such as “5” denotes full
agreement, whereas “1” represents no agreement at all. Thus, we check,
whether a forecaster is more open to changes after the GFC.

Fig. 2 shows, for example, the agreement to the statement “Our insti-
tution uses new methods” by age group. Forecasters with an age under
35 are rare and have mostly no opinion on whether their institution has
changed their forecasting methods. For the two other groups of older
forecasters, there is no noticeable difference. As possible determinants for
openness to change, we consider the following variables:

e Forecaster Age: An older age might make him or her less open for
models that are more recent. However, increased age might have dif-
ferent implications for the usage of models. Although forecasters might
be unwilling to learn new methods, at the same time their perceived
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Fig. 2: Agreement to the Use of New Methods by Age Group.

Source: Own Survey and Calculation

pressure to conform to standards in the field might decrease with
experience and confidence. Lamont (2002) argues that forecasters
become more established with age and therefore have incentives to
stick to the consensus, since they face an increased risk of a reputa-
tion loss. Therefore, his model predicts that forecasts of older fore-
caster are less accurate. As the relation of age and the probability of
using new methods might be non-linear, we take also into account
squared age.

e Type of Institution: We include a dummy variable that assumes the
value 1, if the institution of the forecasters is a private one, 0 otherwise.

e Gender: We test with the help of a dummy variable, whether the gender
of the forecaster is important for the probability of interest.

e Previous Success of the Institution: We also suspect a possible influ-
ence of the previous success of the forecasting institution. Hence, we
include the rank of the forecasting institution according to the ranking
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of Fricke (2016). A lower value indicates a more successful forecasting
institution.*

¢ School of Thought and Openness to Change: Finally, we tried to link
the attitude towards changes to the theoretical position of a forecaster.
It has been argued (see, for example, Farrell and Quiggin 2017) that
certain macroeconomic events had been challenges for different mac-
roeconomic schools of thought, in particular, the Great Recession has
been a problem for neoclassical models. Therefore, we test for a differ-
ence in the attitude towards new models by using a dummy variable
that equals 1, if a forecaster leans more to a neoclassical position, 0
otherwise.’

We estimate the relation both by means of the linear probability model
(Angrist and Pischke 2008, 101 ff.; Wooldridge 2014, 209 ff.) and by
means of a multinomial Logit model.°The results do not provide much
support to the view that forecasters’ attributes may explain a lot of the
variation of their openness to change. Of course, our sample is very small
and, consequently, parameters can be estimated very imprecisely only.
Furthermore, the results of columns 1 and 3 of Tab. 2 heavily depend on
the assumption of a linear probability model. Note that most results have
to be interpreted with care due to relatively high standard errors. Given
these caveats, it is still worthwhile to have a brief look at the results:

e Forecaster Age:_According to the point estimates, the probability to
use new methods increases with experience, but up to a certain point
only. After this point in time, forecasters tend to stick with their already
known methods.

4 Note that the ranking does not exclusively rely on the accuracy of the growth
rate forecast. Rather, the ranking takes also into account whether the directional
change of some central components of final demand (consumption, exports,
investment) have correctly been anticipated. For details please refer to https:/
neuewirtschaftswunder.de/

5 Details on how this dummy is constructed can again be found in Dépke, Fritsche,
and Waldhof (2019).

6 The relative merits of both estimation strategies are discussed in Hippel (2015)
and Schaffler (2012).
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Tab. 2: Probability Models for the Likelihood to Change the Forecasting Process.
Robust Standard Errors in Parentheses. Source: Own Survey and Calculation

Constant -3,80 -0,17
(10,04) (6,35)
Age 0,26 0,34 0,13 0,19
(0,40) (0,83) (0,28) (0,78)
Agée? -0,00 -0,00 -0,00 -0,00
(0,00) (0,01) (0,00) (0,01)
Institution 0,96 1,59+ -0,23 -0,54
(0,59) (0,95) (0,43) (0,92)
Gender -0,28 -0,59 0,43 0,87
(0,72) (1,66) (0,27) (0,69)
Success 0,10 0,16 0,08~ 0,16*
(0,04) (0,06) (0,04) (0,09)
Theory 0,78 1,20 -0,13 -0,33
(0,49) (0,80) (0,49) (0,89)
Cut, 6,41 2,15
(22,14) (16,62)
Cut, 8,93 4,12
(21,85) (16,83)
Cut, 9,52 5,77
(21,77) (16,72)
Cut, 10,34 7,91
(21,56) (16,59)
n 27 27 26 26
R? 0,12 0,09

e Type of Institution: Working in a private institution makes it more
likely to use new methods, but less likely to use known methods more
frequently.

e Previous Success of the Institution: The impact of success, i.e. a good
rank in the ranking of the institutions is the largest single effect and
also (at least at the 10 % level) statistically significant in all models: the
lower the rank of the forecaster (which corresponds to a relatively bad
prediction record) the higher the probability that a respondent reports
the use of new methods.
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e Neoclassical Positions and Openness to Change: Tending to a neoclas-
sical position goes hand in hand with a higher probability of using new
methods and a lower probability of using existing methods more often.

4. Decoupling of Academia and
Macroeconomic Forecasting Camp

As pointed out above, we consider the possibility that academic work
on forecasting and practical forecasting processes do not overlap by very
much. We are, of course, not the first, who see important gaps between
different spheres of forecasting. For example, Tichy (1976) diagnosed what
he labelled the “Great Dichotomy” between business cycle theory, business
cycle empirics, and the receptive policy. He argues that, after the initial large
interest in business cycle theory related to the Great Depression the 1960s
and 1970s had been a phase with substantial progress in empirical methods
and forecasting, but little interest in related theory. Later, he argues in ret-
rospect (Tichy 2013), the picture changed: empirical business cycle research
stagnated while interest in business cycle theory increased again.

In a similar vein, we have argued that active forecasters and academic
economists, who work on related questions, are likely a rather distinct
groups of persons. To give a first impression on how distinct these groups
are, we compare our underlying sample — the forecasters we have invited to
our survey — with a subgroup of the Verein fiir Socialpolitik — the German
Economic Association.

In particular, we referred to all members that have singled out either
the JEL code E3:”Prices, Business Fluctuations, and Cycles” or the JEL
code C53: “Forecasting and Prediction Methods, Simulation Methods”
as their main scientific area. The overlap of these two groups was very
small: while our sample includes 252 persons, and the subgroup of the
academic association consist of 109 persons, we have found only 5 per-
sons that are members of both groups. More generally, only 25 subjects
from our invited sample have been found in the database of the members
of the Verein fiir Socialpolitik — by about 10 %.

Additional to institutional differences, survey results point to substan-
tially different views on particular economic schools of thought. To illus-
trate this point, we compare the results of Schneider, Frey, and Humbert
(2007), who surveyed the members of the Verein fiir Socialpolitik with our
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Other schools of thought |
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Socialism/Marxism ]
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Fig. 3: Comparison of Survey Answers of Dopke, Fritsche, and Waldhof (2019)
and Fricke (2017).

Notes: For the present survey the bars represent the share of respondents that see a partic-
ular school of thought as either as “extremely important,” “very important,” or “relatively
important” personally. For the present survey “Neoclassical economics” is “Neoclassical eco-
nomics” and “New classical economics,” “Keynesianism” is the average of “Keynesianism
(neoclassical synthesis)” and “New Keynesianism,” and “Public choice etc.” represents
“Theory of political business cycles.” “Socialism/Marxism” has been no answer option in
the present survey (but possible as a free-text answer). Note that the answer options in to
Fricke (2017) survey have been exclusively, whereas in Dépke, Fritsche, and Waldhof (2019)
respondents have been allowed to choose more than one answer.

Source: own survey and calculation; Fricke (2017)

more recent survey. As can be seen from Fig. 3, the popularity of certain
schools of thought is markedly different.

The possible decoupling might also in part reflect a changed importance
of macroeconomic forecasting for academic research. For example, in
1962, the German Economic Association (Verein fiir Socialpolitik) devoted
a complete annual conference to the problem of forecasting Giersch and
Borchardt (1962). Thus, we wonder whether forecasting plays a sim-
ilar prominent role in broad academic cycles today. Evidence in favor of
the decoupling hypothesis might be seen in the frequency of papers in
general-interest scholarly journals that are devoted to study related topics.
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Taking the German Economic Review as an example, we searched the
IDEAS-database for papers that have either “forecast*” or “predict*” or
“macro*” in title or abstract. From this list we picked the papers arguably
directly relevant for macroeconomic forecasting. We end up with 7 papers
out of 461 (by about 1.5 %) listed for that journal in IDEAS recently. In
a similar vein, we use the ECONBIZ database of the Leibniz Information
Centre for Economics, Kiel to check for the frequency of papers that deal
with questions related to macroeconomic forecasting.

Fig. 4 reveals that the scientific interest in business cycle forecasting
in Germany indeed reacts to the financial crisis, but temporarily only.
Of course, this is a first illustration of this point only. We therefore test
this hypothesis with the help of a broader dataset: the texts of the papers
presented at the annual meeting of the Verein fiir Socialpolitik.

35
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2000 2001 2002 2003 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 2014 2015 2016 2017 2018

Fig. 4: Hits for Search “Konjunkturprognose* + fehler*”" in ECONBIZ
Database per Year.

Source: Own Calculation Based on https://www.econbiz.de/Search/Results?type=AllFields

29 %

1) “Business cycle forecast*+ error*”, * represents truncation and “+” a logical “and”.
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Fig. 5: Share of Forecasting Papers Presented at the Annual Meeting of the
German Economic Association.

Source: Own Calculation

We furthermore used the abstracts of the papers presented at the open ses-
sions of the annual meetings of the “Verein fiir Socialpolitik” to fit a Latent
Dirichlet Allocation (LDA) topic model on the abstracts (Blei, A. Y. Ng,
and Jordan 2003; Blei 2012). Unfortunately, data are only available from
2010 to 2018 in the ECONBIZ database. LDA stands for “Latent Dirichlet
Allocation” and describes a mixed membership model where all word with
certain probabilities belong to topics and all topics with certain probabili-
ties appear in documents. The Dirichlet distribution in fact is the conjugate
prior to the multinomial distribution in Bayesian statistics. The LDA model -
despite its analytical non-tractability — can be estimated using variants of
Gibbs sampling or variational inference (Heinrich 2005; Hornik and Griin
2011) conditional the number of topics is fixed a priori. Several criteria were
proposed in the literature to deal with that issue. We used the criteria pro-
posed by Arun et al. (2010), Cao et al. (2009), Deveaud, SanJuan, and Bellot
(2014) and Griffiths and Steyvers (2004) to determine the number of topics.
We fixed the number of topics to 15. Inspection of the most probable words
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in the topics revealed that two of the identified topics are possibly strongly
related to the GFC and GR: topic 1 (risk, banking, finance) and topic 7 (mac-
roeconomics, monetary policy)

Forecasting papers in a narrow sense are papers that have at least on
of the following JEL-classifications: E32 (Business Fluctuations, Cycles),
E37(Forecasting and Simulation: Models and Applications) or C53
(Forecasting and Prediction Methods, Simulation Methods). Forecasting
papers in a broader sense also include papers with the JEL-classifications
E30 (Prices, Business Fluctuations, and Cycles, General), E31 (Price Level,
Inflation, Deflation).

The distribution of estimated topics over time reveals a very stable
structure but no obvious trend for the GFC- or GR-related topics 1 and 7
to become more prominent (see Fig. 8).

This data provides insights into the German discourse. Additionally, we
searched international data, or data for the Anglosaxon research commu-
nity. We searched the American Economic Review articles indexed in the
JSTOR database and again focused on papers that have either “forecast*”
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Fig. 9: AER and IDEAS Key Word Search Results.

Source: Own Calculation. Count of JSTOR-indexed AER papers that have either “forecast*”
or “predict*” or “macro*” in title or abstract. The same search was done for the full IDEAS
database (data are scaled relative to all IDEAS-indexed papers per year).

or “predict*” or “macro*” in title or abstract. We applied the same search

string to the full IDEAS database (data are scaled relative to all IDEAS-
indexed economic papers per year).

The figures reveal that in the academic discourse outside Germany,
the topics “macroeconomics” and “forecasts” seem to be on the rise.
This is in contrast to the analysis for Germany, where the interest rose
only shortly after the GFC/ GR and points to another (second) decoup-
ling problem: the particularity or oddity of the German economic dis-
course with respect to macroeconomic issues. Beck and Kotz (2017) and
Winkler (2018) recently analyzed the discourse. Given that there are dif-
ferent perspectives on the issue that the German economic policy debate
with respect to monetary policy and fiscal austerity is an “oddity,” two
observations remain: first, there is a very strong argumentation in favor
of general principles instead of a pragmatic use of policy instruments.
The latter is popular among a certain subgroup of German economists.
Second, Germany as a net creditor country was never strongly under pres-
sure to adjust or use harsh austerity.

To sum up: On an international level we can observe that the importance
of research devoted to macroeconomics and forecasting issues increased over
the last couple of years with the German academic scene as an exception.
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Glandon et al. (2018) also report that macroeconomics has responded
to the crisis at least to a certain extend. While, on the one hand, they find
that the share of theoretical papers has increased at the expense of empir-
ically orientated contributions, the role of financial intermediation in the
papers, on the other hand, has increased (again) after the crisis. Still, the
gap to the forecasting practitioners has probably increased, since the share
of general equilibrium models has become much larger in their sample,
while partial equilibrium models, which are more relevant for forecasting,
have become less important over time.

5. Conclusion

Relying on data from a recent survey among professional macro-
economic forecasters in Germany, we conclude that changes in the
forecasting process are at best modest. While forecasters claim to use
new methods and some known methods more frequently, they remain
unspecific which methods they mean by these statements. Forecasters
do not report to have changed their loss function after the recession.
Linking the attitude of forecasters towards a change in methods or the-
ories to demographic information on the forecasters (age, gender, nature
of the institution) yield only highly imprecise estimates. A longer-term
bad forecasting record, which exceeds the single event of the GFC,
is the single most influential factor explaining the openness for new
methods. However, we can infer some tendencies from the open ques-
tion part: Some forecasters seem to combine forecasts from different
methods more often, and re-evaluated their existing toolbox after the
GR. Furthermore, the sources of forecast errors are evaluated more
often in some cases and measuring macroeconomic uncertainty seems to
be more important for the forecast.

This is in contrast to the debate on macroeconomics on the interna-
tional level but not necessarily on the German level. The astonishingly little
reaction of the forecasting community on the macroeconomic turbulences
after 2008 in our interpretation might be due to a mixture of facts:

Macroeconomic forecasting is to a very large extent “engineering”
and only loosely related to theoretical debates about the “right” theory
or school of thought. Consider, for example, the German “oddity” of
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neglecting the need for active macroeconomic policy or opposing the
idea of active policy at all, which is common to a relevant subgroup
of German economists and parts of the public discourse. This point
of view might have decreased the pressure on forecasters to use more
modern theoretical models (at least for the German sub-population we
analyzed).

These conclusions are obviously based on a small database only, which
future research will have to extend. One possible way to do so might
be seen in an analysis of citations. Based on such an analysis Fourcade,
Ollion, and Algan (2015) show that economics shows a larger degree
of insularity as compared to other parts of the social sciences. If our
decoupling hypothesis is true, a similar picture should be visible for the
forecasters camp. Another way to gain further insights might be a closer
look at personal relations and biographies of forecasters. As they are aca-
demically trained, it would be interesting to look at their origins in this
respect and to check whether they come from certain universities and/or
other institutions. This link may well establish social networks (Grimm,
Kapeller, and Pithringer 2017), which in turn may explain how certain
positions evolve during time.
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